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Fig.1 Spatial correlation based wind speed forecasting
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Fig.3 A new framework for spatial correlation based wind speed forecasting
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Abstract: The state-of-the-art development of spatial correlation based wind speed prediction is reviewed. And the concepts of

conditional correlation and its corresponding confidence correlation are introduced to improve traditional spatial correlation.

Based on big-data thinking, a framework of integrating data-driven with causality-driven wind speed prediction is proposed. In

the framework, correlation is mined from historical data for wind speed prediction. Spatial correlation is employed to import

data sources for wind speed prediction to overcome the shortage of historical data in part. Furthermore, spatial correlation with

long time lag can be used to predict drastic and sudden change in downstream wind speed. Finally, suggestions for future

research under the proposed framework can be made with confidence.
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